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The New Equating Methods Derived from Test Statistic and Their Performances

Xiong Jianhua Ding Shuliang TLei Ningning
Computer Information Engineering College of Jiangxi Normal University NanChang 330027

Abstract This paper is inspired by applying Test Statistic to estimate unknown parameter three new solving the equating coefficients methods

for short equating method are proposed in the light of goodness-of-fit test statistic that are Square Root method Symmetric Relative
method Weighted method which is the Weighted Haebara method. When two distributions are approximate the three goodness-of-fit test
statistic are near equivalent. But what is the result about the three equating methods derived from test statistic  Monte — Carlo study shows that
there are differences among three equating methods. The difference has closely relationship with estimation random error and the domain of
equating coefficient A.

Key words square root method weighted method symmetric relative entropy method Monte — Carlo simulation

60 11 . .

8 Kavanaugh R D Goodrich T Harris P L. Counterfactual 2004 31 4 470-473.
reasoning in two — year — olds. Paper Presented at the VIlth 12 Bloom A H. The linguistic shaping of thought A study in the
European Conference on Developmental Psychology. Krakéw impact of language on thinking in China and the West.
Poland 1995. Hillsdale NJ Lawrence Erlbaum Associates 1981.

9 Hadwin J  Bruins J. Imagining alternative outcomes 13 Turley — Ames K J Whitfield M M. Working memory and
Counterfactual reasoning in children with autism. Unpublished controlled processing of counterfactuals. Paper presented at the
manuscript University of Essex 1997. Ist Annual Meeting of the Society for Personality and Social

10 Robinson E J Beck. What is difficult about counterfactual Psychology Nashville TN 2000.
reasoning. In P. Mitchell K. J. Riggs FEds. Children’ s 14 Peterson D Riggs K J. Adaptive modelling and mindreading.
reasoning and the mind. Hove UK Psychology Press 2000. Mind & Language 1999 14 80 - 112.

101 - 119.

The Development of 3 — to 5 — year — old Children’ s Counterfactual Thinking

Zhang Kun
Sociology Department East China University of Politics and Law  Shanghai 201620

Abstract Data were collected to a sample of 58 3 — to 5 — year — old children to investigate the development of their counterfactual thinking
using consequent counterfactual tasks and antecedent counterfactual tasks. The results indicated 1 The scores of 3 — year — old children’ s
consequent counterfactual reasoning were lower than that of 4 and 5 — year — old children. But there was no significant difference between 4 and
5 — year — old children’ s consequent counterfactual reasoning. 2 Significant difference existed in antecedent counterfactual reasoning in terms
of direction and structure. 3 Young children who were able to generate counterfactual statement can generate both upward and downward
counterfactuals equally well. Results also indicated that young children similar to adults generate fewer subtractive than additive
counterfactuals.

Key words 3 and 5 — year — old children counterfactual thinking development





